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ycY −  Luminance of C-Y colour model 

)(xp  Marginal probabilistic density function for feature x  

)(yp  Marginal probabilistic density function for feature y  

maxA  Maximum of predefined size 
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xxii 

maxr  Maximum radius 

γ  Maximum range of an activation function 

µ  Mean 

bckµ  Mean intensity of the background 

objµ  Mean intensity of the objects 

localnx ,  Mean of local intensity distribution of n-th region 

jiµ  Membership function 

minA  Minimum of predefined size 

minr  Minimum radius 

pqm  Moment of order )( qp + of an object 

)(tmα  Momentum 

†H  
Moore-Penrose generalized inverse 

),( yxImi  Mutual information for feature x  and y  

ŷ  Neural network output 

pqη  Normalized central moment of order )( qp + of an object 

jcN  Number of pixels belong to centre jc  

+BG  Number of correctly segmented background pixel 

+TB  Number of correctly segmented TB pixel 

hN  Number of hidden nodes 

−BG  Number of incorrectly segmented background pixel 

−TB  Number of incorrectly segmented TB pixel 

iN  Number of input nodes 
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xxiii 

oN  Number of output nodes 

pn  Number of parameters in a HMLP network 

J  Objective function 

)(ˆ tyk  Output of the k-th output node at t-th sample of a neural network  

)(th j  Output of the j-th hidden node at t-th sample 

P  Perimeter 

),( yx  Pixel location 

)(tek  Prediction error of k-th output node at t-th sample  

A  Region size 

D  Relevance  

hsiS  Saturation of HSI color model 

ycS −  Saturation of C-Y color model 

sΩ  Selected feature set with m  features 

SF Shape factor 

λ  Slope of an activation function 

sfσ  Spread factor 

σ  Standard deviation 

YB −  Subtraction of Y from B component 

YG −  Subtraction of Y from G component 

YR −  Subtraction of Y from R component 

Λ  Symmetric positive definite matrix 

T Threshold value 

tΩ  To-be-selected feature set which consists of m  features 
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